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Development of a Fine-Tuned Generative Dialogue System

Using a Traditional Knowledge on Harmony with Nature in Japan
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Abstract: Indigenous peoples and local communities have lived harmonized with nature and held traditional
knowledge called Indigenous and Local Knowledge (ILK). In Japan, however, the urbanization of lifestyle and the
depopulation make it difficult to inherit ILK. This research aims to develop an artificial intelligence for contributing
to the inheritance of traditional knowledge and the conservation of biodiversity. The articles of “Kikigaki Koshien”,
which is an archive of Japanese master’s ILK, were used as the ILK data frame. The Sentence BERT model and a
Generative Pretrained Transformer (GPT) model pre-trained in Japanese were fine-tuned by the ILK dataset to
create a generative dialogue system. The quality of generated answers by the dialogue system were evaluated from
the view of naturality, preciseness, and utility. The developed dialogue system could successfully generate better

answers compared to a general language model in terms of the inheritance of traditional master’s knowledge.
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