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Bioacoustics Monitoring Using Al Technology:
Application of a Large-Scale Acoustic Bird Classifier to Multiple Taxonomic Groups in Japan
HHERFEER LA T 2200 28H22029  /2EIT (Takumi SATO)

Abstract: Deep learming models have been actively developed to analyze long-term recording data to assess biodiversity. In birds,
BirdNET, which can identify more than 6,000 bird species, has been developed. This study evaluated BirdNET 1) for its
generalization performance on Japanese bird call data, and 2) for its applicability to bioacoustic monitoring of multiple taxonomic
groups. In case 1), BirdNET was evaluated for four tasks: a) identifying individual calls, b) identifying species composition, c)
detecting Red List species, d) identifying seasonal variation. BirdNET showed performance comparable to human surveys, but the
predicted seasonal variation showed low correlation coefficient with human survey. Further Japanese bird data collection is needed
to improve performance. In case 2), transfer learning successfully achieved high F1 scores to identify birds, amphibians, insects,
and bats. This result suggests the applicability of BirdNET to taxa other than birds, even with a small number of training data.
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